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3 K-nearest neighbours (KNN)
4 Support vector machine (SVM)
5 Random forest (RF)
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Table 1. Summary of previous studies on traffic variables prediction
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Table 2. Predictor variables used in previous studies
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Table 3. Definition of triple traffic state
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Fig. 1. Relative frequency (%) of the traffic states for the train and test datasets (A is light, B is semi-heavy, and
C is heavy)
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Table 4. Introducing extracted variables in the data set
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Table 5. Optimal values for parameters of predictive models
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Table 6. Accuracy of traffic state predictions
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Table 7. Confusion matrices of traffic state predictions
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Table 8. Precision, recall, and F1 for short-term and medium-term models for each traffic state
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Table 9. The rate of decrease in prediction accuracy after the removal of each variable group
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Table 10. Overall accuracy of traffic state predictions in previous studies
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