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Fig. 1. Geometric parameters of a deep reinforced concrete beam
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Table 1. Statistical description of input and output parameters in the present study
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Fig. 3. Histogram of the input variables
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Table 3. The obtained adjusting parameters for WLS-SVM method in training phase
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Fig. 7. Comparison of the predicted shear capacity in the present study with Experimental shear capac-
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Table 4. Comparison of WLS-SVM results with other artificial intelligence methods
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Table 5. Comparison of prediction results obtained from WLS-SVM method with the results in different
cods and GSA algorithm
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